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[bookmark: sec-s1]Table S1: Finfish landings composition
	[bookmark: tbl-spp]Table S1. Overview of finfish landings in Southeastern Cuba (1981-2017), highlighting the dominant species (90 % of historic landings) with bold and assessing trends in landing volumes and landings per unit of effort (LPUE).
	Common name
	Species
	% Landings
	% LPUE

	FishBase
	Cuba
	
	
	

	Albacore
	Albacora
	Thunnus alalunga
	-69.5
	-15.5

	Angelfish (Holacanthus)
	Isabelita
	Holacanthus
	-39.0
	219.8

	Angelfish (Pomacanthus)
	Chivirica
	Pomacanthus
	-37.1
	229.7

	Atlantic bumper
	Casabe
	Chloroscombrus chrysurus
	-99.4
	-98.0

	Atlantic croaker
	Baturro
	Micropogonias undulatus
	-99.9
	-99.6

	Atlantic goliath grouper
	Guasa
	Epinephelus itajara
	-94.2
	-69.5

	Atlantic thread herring
	Machuelo
	Opisthonema oglinum
	-30.5
	264.3

	Bar jack
	Cibí
	Caranx ruber
	-44.5
	190.7

	Bigeye scad
	Chicharro
	Selar crumenophthalmus
	-85.5
	-24.0

	Billfishes
	Aguja
	Istiophoridae
	495.2
	3,018.1

	Black grouper
	Aguají
	Mycteroperca bonaci
	-97.4
	-86.5

	Black margate
	Pompón
	Anisotremus surinamensis
	-49.2
	161.4

	Black snapper
	Arnillo
	Apsilus dentatus
	-56.5
	140.7

	Black triggerfish
	Negrito
	Melichthys niger
	-93.9
	-68.0

	Blue marlin
	Castero
	Makaira nigricans
	-74.7
	27.8

	Blue runner
	Cojinúa
	Caranx crysos
	-89.7
	-46.2

	Blue tilapia
	Tilapia
	Oreochromis aureus
	-52.6
	148.3

	Bonefish
	Macabí
	Albula vulpes
	-59.6
	111.6

	Cero
	Pintada
	Scomberomorus regalis
	-86.5
	-29.5

	Common dolphinfish
	Dorado
	Coryphaena hippurus
	-94.3
	-74.2

	Common snook
	Robalo
	Centropomus undecimalis
	-95.3
	-75.2

	Crevalle jack
	Jiguagua
	Caranx hippos
	-88.6
	-40.4

	Croakers
	Corvina
	Bairdiella
	139.2
	1,153.1

	Cubera snapper
	Cubera
	Lutjanus cyanopterus
	-89.2
	-43.4

	Cusk-eels
	Clarín
	Lepophidium
	-85.3
	-56.4

	Dog snapper
	Pargo jocú
	Lutjanus jocu
	-99.7
	-98.1

	False herring
	Sardina escamuda
	Harengula clupeola
	5,833.6
	30,987.1

	Goatfishes
	Salmonete
	Mullidae
	-97.7
	-87.8

	Great pompano
	Palometa
	Trachinotus goodei
	-91.9
	-57.4

	Grey snapper
	Caballerote
	Lutjanus griseus
	-74.1
	35.5

	Grunts
	Ronco
	Haemulon
	-84.4
	-18.2

	Guachanche barracuda
	Guaguancho
	Sphyraena guachancho
	-84.2
	-17.2

	Hamlets
	Vaca
	Hypoplectrus
	460.0
	2,726.1

	Hogfish
	Perro
	Lachnolaimus maximus
	-51.2
	155.9

	Horse-eye jack
	Jurel
	Caranx latus
	-97.1
	-85.0

	Jolthead porgy
	Bajonao
	Calamus bajonado
	-27.8
	278.1

	Lane snapper
	Biajaiba
	Lutjanus synagris
	-55.0
	135.5

	Largehead hairtail
	Sable
	Trichiurus lepturus
	-91.4
	-55.2

	Lebranche mullet
	Lisa
	Mugil liza
	-99.2
	-96.1

	Lesser amberjack
	Medregal
	Seriola fasciata
	-79.0
	10.1

	Little tunny
	Comevíveres
	Euthynnus alletteratus
	-87.0
	-31.8

	Longspine squirrelfish
	Carajuelo
	Holocentrus rufus
	765.7
	4,435.4

	Lookdown
	Jorobado
	Selene vomer
	-89.6
	-45.7

	Mackerels
	Sierra - Serrucho
	Scomberomorus
	-64.9
	83.6

	Misty grouper
	Cherna del alto
	Hyporthodus mystacinus
	409.1
	2,567.4

	Mojarras
	Pataos - Mojarras
	Gerreidae
	164.2
	1,284.4

	Mutton snapper
	Pargo criollo
	Lutjanus analis
	-25.2
	291.7

	Nassau grouper
	Cherna criolla
	Epinephelus striatus
	-99.3
	-96.3

	Nurse shark
	Gata
	Ginglymostoma cirratum
	-48.4
	170.5

	Parrotfishes
	Loros
	Scaridae
	52.6
	699.7

	Permit
	Pámpano
	Trachinotus falcatus
	-66.6
	74.8

	Queen triggerfish
	Cochino
	Balistes vetula
	-54.1
	15.4

	Rays
	Rayas
	Rajiformes
	387.9
	2,456.3

	Red hind
	Cabrilla
	Epinephelus guttatus
	-97.6
	-87.5

	Redear herring
	Sardina de ley
	Harengula humeralis
	1,077.6
	6,069.4

	Redfin needlefish
	Agujón
	Strongylura notata notata
	934.2
	5,318.3

	Rough triggerfish
	Sobaco
	Canthidermis maculata
	-97.3
	-96.0

	Schoolmaster snapper
	Cají
	Lutjanus apodus
	-69.3
	60.9

	Sharks
	Tiburones
	Chondrichthyes
	-86.7
	-30.4

	Silk snapper
	Pargo del alto
	Lutjanus vivanus
	22.9
	543.9

	Skipjack tuna
	Bonito
	Katsuwonus pelamis
	-99.0
	-97.0

	Swordfish
	Emperador
	Xiphias gladius
	-97.0
	-86.5

	Tangs
	Barbero
	Acanthurus
	193.1
	1,315.0

	Tarpon
	Sábalo
	Megalops atlanticus
	-80.9
	0.1

	Triggerfish
	Verraco
	Balistidae
	-99.6
	-98.1

	Western Atlantic seabream
	Chopa
	Archosargus rhomboidalis
	673.2
	3,951.0

	White margate
	Jallao
	Haemulon album
	-99.1
	-98.2

	White mullet
	Liseta
	Mugil curema
	-82.0
	-5.5

	Yellowfin grouper
	Arigua
	Mycteroperca venenosa
	-59.1
	114.0

	Yellowtail snapper
	Rubia
	Ocyurus chrysurus
	-80.5
	2.3
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Supplementary material 1: Processing of human-related and environmental variables
A database of human-related and environmental variables corresponding to the same period was compiled to analyze their effect as predictors of finfish landings. We selected variables reported as significant causes of the decline in finfish landings and capable of impacting the species’ population dynamics. These variables were the North Atlantic Multidecadal Oscillation index (AMO), the Southern Oscillation Index (SOI), the Sea Surface Temperature (SST) in the Caribbean, the local SST in the fishing zone, the local Accumulated Cyclonic Energy (ACE) in the fishing zone, the changes in natural coastal vegetation, chlorophyll-a concentration, precipitations, area of water reservoirs over land, and the total nutrient nitrogen used per area of cropland in the gulfs basin.
Environmental data were gathered from online databases and satellite data. Annual averages of the decomposed AMO, SOI, and SST trends were obtained from National Oceanic and Atmospheric Administration (NOAA) databases (https://psl.noaa.gov/data/). Additionally, 9, 26, and 67-year cycles of AMO [1] were included. The local SST annual average corresponded to all the pixels inside the polygon defining the study area. The calculations for ACE (m2 s-2) started by selecting the hurricanes passing over the study area from 1981 to 2017, using the database of hurricanes from HURDAT2 [2]. For all selected hurricanes, ACE was computed by the equation:

where  is the maximum wind velocity measured every 6 hours and corresponds to each hurricane record. After computing ACE, we made a buffer area corresponding to the wind radio equal to or greater than 64 knots (118 km h-1). The area of influence of each hurricane at any time resulted from merging all the buffer areas associated with each hurricane’s position. Finally, we calculated the ACE value for the study area as the sum of all the hurricane’s buffer areas, with ACE values passing over the region each year.
Total precipitation (mm) was a proxy for terrestrial runoff and was estimated as the sum of all the precipitation values per year using the ERA5 monthly data for precipitation over land. The annual average of natural coastal vegetation cover (km2) was calculated from the Normalised Difference Vegetation Index (NDVI) from Landsat image time series. The time series were employed to compute which values greater than 0.5 correspond to the study area’s natural vegetation. Once the pixels from the Landsat image with NDVI greater than 0.5 were identified, the total number of pixels was multiplied by the area of each pixel to obtain the total natural vegetation cover.
The water reservoir area over land (km2) was estimated using Landsat image time series of the Normalised Difference Water Index (NDWI). Pixels with NDWI less than or equal to 1500 were multiplied by the area of each pixel and summed. Chlorophyll-a annual average concentration was estimated using the Normalised Difference Chlorophyll-a Index (NDCI) [3]. Finally, the total nutrient nitrogen used per area of cropland (kg ha-1) in Cuba was obtained from Food and Agriculture Organization (FAO) databases (http://www.fao.org/faostat/en/#data/EF).

[bookmark: references]References
[bookmark: ref-delmonte-luna_2015_variability][bookmark: refs]del Monte-Luna, P.; Villalobos, H.; Arreguín-Sánchez, F. Variability of Sea Surface Temperature in the Southwestern Gulf of Mexico. Cont. Shelf Res. 2015, 102, 73–79, doi:10.1016/j.csr.2015.04.017.
[bookmark: ref-landsea_2013_atlantic]Landsea, C.W.; Franklin, J.L. Atlantic Hurricane Database Uncertainty and Presentation of a New Database Format. Mon. Weather Rev. 2013, 141, 3576–3592.
[bookmark: ref-watanabe_2017_remote]Watanabe, F.; Alcantara, E.; Rodrigues, T.; Rotta, L.; Bernardo, N.; Imai, N. Remote Sensing of the Chlorophyll-a Based on OLI/Landsat-8 and MSI/Sentinel-2A (Barra Bonita Reservoir, Brazil). An. Acad. Bras. Cienc. 2017, 90, 1987–2000.

Fishes 2024, 9, x. https://doi.org/10.3390/xxxxx	www.mdpi.com/journal/fishes

image1.png
fishes




image2.png




