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Abstract: This study investigates the use of artificial intelligence (AI) and ethnobotanical knowledge to identify 
natural compounds with potent antiviral activity against HPV-16. Through molecular docking simulations, we 
evaluated the binding affinities of various essential oil components, including Apigenin, against the key 
antigenic determinants of HPV-16 (E6, E7 oncoproteins, and L1 major capsid protein). Apigenin exhibited strong 
binding affinities, particularly to E6 Oncoprotein. To further enhance these findings, we employed an AI-driven 
reverse engineering approach to predict a natural compound with superior efficacy. The AI identified Luteolin, 
a flavonoid with additional hydroxyl groups, as a promising candidate. Comparative docking studies 
demonstrated that Luteolin possesses significantly stronger binding affinities to all three HPV-16 targets, 
surpassing the efficacy of Apigenin. This work highlights the potential of AI in accelerating the discovery and 
optimization of natural antiviral agents, providing a powerful tool for pharmacological and 
ethnopharmacological screenings. Our findings suggest that AI-guided identification of natural compounds can 
lead to the development of more effective antiviral therapies, warranting further experimental validation and 
potential synthesis in laboratory settings. 

Keywords: HPV-16; Molecular Docking; Artificial Intelligence; Ethnobotany; Natural Compounds; Antiviral 
Agents; Luteolin; Apigenin; Pharmacological Screening; Ethnopharmacology; Computer Simulations; 
Laboratory Synthesis 
 

1. Introduction 
Human papillomavirus (HPV) is a diverse group of DNA viruses, with over 200 known 

genotypes [1], classified into low-risk and high-risk types based on their association with benign or 
malignant lesions, respectively. HPV-16 is one of the high-risk strains, responsible for a significant 
proportion of cervical cancers and other anogenital and oropharyngeal malignancies [2]. 
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Understanding the structural and genetic makeup of HPV-16 is crucial for developing effective 
therapeutic strategies. 

HPV-16 is a non-enveloped virus with a double-stranded circular DNA genome approximately 
7.9 kilobases in length [3]. The viral particle is icosahedral in shape, about 55 nm in diameter, and 
consists of 72 pentameric capsomeres [4]. The capsid is composed of the L1 major capsid protein [5], 
which forms the bulk of the virion, and the L2 minor capsid protein [6]. The viral genome is divided 
into early (E) and late (L) regions [7], with the early region encoding proteins involved in viral 
replication and oncogenesis (E1, E2, E4, E5, E6, and E7) [8] and the late region encoding the struc-
tural proteins L1 and L2 [9]. 

In terms of viral classification, HPV-16 belongs to the family Papillomaviridae, ge-nus 
Alphapapillomavirus [10, 11]. According to the Baltimore classification system, it is a Group I virus, 
meaning it possesses a double-stranded DNA genome. The oncogenic potential of HPV-16 is 
primarily attributed to the E6 and E7 oncoproteins, which interact with and degrade tumor 
suppressor proteins p53 and retinoblastoma (Rb), respectively, leading to uncontrolled cell 
proliferation and malignant trans-formation [12]. 

HPV-16 is associated with both acute and chronic diseases. Acute infections often manifest as 
benign warts, while persistent infections can lead to chronic conditions and progression to cancers 
[13]. The pathogenesis of HPV-related cancers is a mul-tistep process involving persistent infection, 
viral integration into the host genome, and subsequent genetic alterations. Current treatments for 
HPV infections include surgical removal of warts and lesions [17], cytotoxic agents [19], and antiviral 
medications [14]. Vaccination remains the most effective preventive measure, with vaccines like 
Gardasil and Cervarix [15] providing protection against HPV-16 and other high-risk types [20-23]. 

Despite the availability of vaccines, there is a significant need for effective thera-peutic agents to 
treat existing infections and HPV-related cancers [16]. Natural compounds derived from plants have 
shown promise as antiviral agents due to their diverse chemical structures and biological activities. 
However, the identification and optimization of such compounds for clinical use require robust 
screening methods [18, 24, 25]. 

In this study, we explore the use of artificial intelligence (AI) and molecular docking techniques 
to identify natural compounds with potent antiviral properties against HPV-16 [26]. Molecular 
docking is a computational method that predicts the pre-ferred orientation of a ligand when bound 
to a protein target [27], allowing for the assessment of binding affinities [28] and interaction patterns 
[29]. By leveraging AI, we aim to enhance the screening process, enabling the identification of 
promising compounds with greater efficiency and accuracy [30-33]. 

We initially conducted molecular docking studies on various essential oil compo-nents, 
including Apigenin, to evaluate their binding affinities to the HPV-16 E6 and E7 oncoproteins and 
the L1 major capsid protein. Apigenin exhibited strong binding affinities, particularly with the E6 
oncoprotein, making it a candidate for further investigation. To identify a compound with potentially 
higher efficacy, we em-ployed an AI-driven reverse engineering approach, which predicted Luteolin 
as a superior candidate [42]. Luteolin, a naturally occurring flavonoid similar to Apig-enin [43], 
possesses additional hydroxyl groups [44, 45] that enhance its binding potential through increased 
hydrogen bonding [34, 45].  

Our comparative analysis demonstrated that Luteolin has significantly stronger binding 
affinities to all three HPV-16 targets compared to Apigenin. This suggests that AI can play a crucial 
role in accelerating the discovery and optimization of natural antiviral agents. The ability to efficiently 
screen and predict effective com-pounds highlights the potential of AI in both pharmacological and 
ethnopharma-cological research. 

The integration of AI with molecular docking techniques offers a powerful tool for the 
identification of natural compounds with high therapeutic potential against HPV-16. Our findings 
support the continued exploration of AI-driven methodolo-gies to enhance the discovery of effective 
antiviral therapies, warranting further experimental validation and potential synthesis in laboratory 
settings. This study underscores the importance of combining traditional ethnobotanical knowledge 
with advanced computational tools to address pressing public health challenges. 
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2. Materials and Methods 
Essential Oil Mixture Preparation 

The composition of the essential oil mixture was carefully formulated using guid-ance of 
advanced AI tool and ethnopharmacological experience. The goal was to create a blend of cold-
pressed and essential oils with potential therapeutic proper-ties against HPV-16 (Table.1). 

Table 1. Composition of the oil blend, which derive from extrapolation from ChatGPT 4o, Type of 
Oil, Scientific name of the plant from what is obtained the oil and mood of production of it. 

Type of oil Scientific Name Mode of production 

Cocoa Oil Theobroma cacao Cold Pressed Oil 

 Celery Oil Apium graveolens Cold Pressed Oil 

Apricot Seed Oil Prunus armeniaca Cold Pressed Oil 

Myrrha Oil Commiphora myrrha Etheric Oil 

Table 2. Explanation of the main chemical components inside of each components of the oil blend, 
formulated by ChatGPT 4o. 

Type of oil Scientific Name Main Molecule/s / Ligands 
Cacao Oil Theobroma cacao 2-Acetylpyrrole 
Celery Oil Apium graveolens Apigenin 

Apricot Seed Oil Prunus armeniaca Oleic Acid 
Myrrha Oil Commiphora myrrha Curzerene 

Table 3. Structure formula of main constituents of Oil blend and conventional drugs used as 
support in therapy against HPV infections. 

Main Molecule/s Structure Formula 
2-Acetylpyrrole 

 
Apigenin 

 
Oleic Acid 
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Curzerene 

 
Imiquimod 

 
Podofilox 

 
Sinecatechins 

 
Trichloroacetic Acid 

 

Table 4. 3D Structural-Functional Morphoanatomotopography of E6, E7 Oncoprotein and Major 
Capsid Protein L1 of strain HPV-16. 

Molecule / Protein / Target 3D Structure 
E6 Oncoprotein of HPV-16 strain 
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Major Capsid Protein L1 of HPV-16 strain 

 
E7 Oncoprotein of HPV-16 strain 

 

The AI tool provided insights into the potential efficacy of these components, leading to their 
inclusion in the mixture. Each component was subjected to molecular docking studies to evaluate its 
binding affinity to the HPV-16 antigenic determinants: E6 oncoprotein, E7 oncoprotein, and L1 major 
capsid protein. 

Molecular Docking 
Molecular docking simulations were performed to predict the binding orientations and affinities 

of the essential oil components to the target proteins of HPV-16. The docking process involved the 
following steps: 
1. Protein and Ligand Preparation: 
o The 3D structures of the HPV-16 E6, E7 oncoproteins, and L1 major capsid protein were retrieved 

from the Protein Data Bank (PDB) (Table 4). 
o The chemical structures of the ligands (essential oil components) were obtained from PubChem 

and optimized for docking using energy minimization techniques. 
2. Docking Procedure: 
o Molecular docking was conducted using 1-Click Docking (https://mcule.com/apps/1-click-

docking/), a widely used docking software. 
o The docking grid was defined to encompass the active sites of the target proteins, ensuring that 

all potential binding interactions could be evaluated.  
3. Thermodynamic Considerations: 
o The binding affinity of each ligand to the target protein was quantified using the Gibbs free 

energy of binding (ΔG). 
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o The Gibbs free energy change (ΔG) is a thermodynamic parameter that indicates the spontaneity 
of the binding process. A more negative ΔG value suggests a stronger and more favorable binding 
interaction. 

o ΔG was calculated using the equation: ΔG = ΔH – TΔS where ΔH is the enthalpy change, T is the 
temperature, and ΔS is the entropy change. 

4. Comparison of the Data 
In order to be able to observe the value of the binding affinity between the ligand and the 

receptor (Oncoproteins E6, E7 and Major Capsid Protein L1), the affinity values were compared 
between the drugs conventionally used in the therapy of HPV infections (despite there is currently 
no specific therapeutic protocol for HPV), namely: Imiquimod, Podofilox, Sinecatechins and 
Trichloroacetic Acid, with the main components present in the mixture of oils (Table 1, Table 2 and 
Table 3), namely: Apigenin, 2-Acetylpyrrole, Oleic Acid and Curzerene. 
5. Evaluation of Results 
o The binding affinities (in kcal/mol) and the specific amino acid residues involved in the 

interactions were recorded. 
o The docking scores were analyzed to identify the most potent ligands based on their binding 

energies and interaction patterns. 
Thermodynamics and Gibbs Free Energy 
Molecular docking relies on the principles of thermodynamics to predict the stability and 

strength of the ligand-protein complex. The Gibbs free energy change (ΔG) is a critical parameter in 
this context, reflecting the net balance of enthalpic and entropic contributions to the binding process. 
A negative ΔG value indicates a spontaneous binding process, suggesting that the ligand forms a 
stable complex with the target protein. 

In our docking studies, the binding affinities of the essential oil components were determined 
by calculating the ΔG for each ligand-target interaction. The values were derived from the docking 
software and were used to rank the ligands based on their binding strengths. 

AI-Guided Screening and Docking: 
The AI tool provided a composition of the mixture based on the known antiviral properties of 

the included compounds. Each component of the mixture was then individually subjected to 
molecular docking studies against the HPV-16 targets as: E6 Oncoprotein, E7 Oncoprotein (Figures 
1-9), and L1 major capsid protein).   

The AI tool facilitated the selection of promising compounds and significantly accelerating the 
screening process. The subsequent molecular docking simulations provided detailed insights into the 
binding affinities and interaction patterns of each component, allowing for a comprehensive 
evaluation of the mixture’s potential efficacy.  

Each component of the oil blend was carefully selected based on its known antiviral properties 
and potential to bind effectively to the HPV-16 antigenic determinants. The AI-driven formulation 
and subsequent molecular docking studies aimed to identify the most effective combination for 
therapeutic use against HPV-16 infections. 

Docking Protocol 
• Software: 1-Click-Docking 
• Target Proteins: HPV-16 E6 oncoprotein, E7 oncoprotein, and L1 major capsid protein 
• Ligands: Components of the essential oil mixture 

The docking studies provided a detailed understanding of the binding interactions and 
identified Luteolin as a superior candidate with higher binding affinities compared to Apigenin, 
suggesting its potential as an effective natural antiviral agent against HPV-16. This approach 
demonstrates the power of integrating AI and molecular docking for ethnopharmacological research 
and drug discovery. 

3. Results 
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Table 5. Values of molecular affinity (expressed in Kcal/mol), and aminoacid residues involved in 
the bond, deriving from the elaboration, obtained through Molecular Docking, of conventional 

compounds and compounds inside of the oil blend, on the three major antigens of HPV-16. 

Ligand Target (HPV-16) Bond Strenght 
(Kcal/mol) 

Aminoacidic 
Residues Involved 

2-acetylpyrrole E6 Oncoprotein -4.4 le 23, Ile 24, Ala 28, Ile 
47, Gly 48, Gly 49 

E7 Oncoprotein -3.3 Asp 33, Val 27, Leu 25, 
Phe 47 

L1 Major Capsid 
Protein 

-2.6 His 56, Asp 125, Gly 
130, Gly 134 

Apigenin E6 Oncoprotein -7.8 Gly 27, Ala 28, Gly 49, 
Pro 81, Val 82 

E7 Oncoprotein -5.6 Pro 7, Ala 5, Ile 12, 
Leu 37, His 10, Asp 33 

L1 Major Capsid 
Protein 

-3.7 Asp 125, Gly 127, Gly 
130, Phe 257 

Oleic Acid E6 Oncoprotein -4.1 Gly 48, Gly 51, Ile 53, 
Phe 53, Ile 54, Pro 81 

E7 Oncoprotein -3.7 Phe 47, Ser 46, Phe 41, 
Leu 45, Glu 24 

L1 Major Capsid 
Protein 

-1.9 Asp 120, Gly 130, Gly 
231, Phe 257 

Curzerene E6 Oncoprotein -6.2 Leu 22, Asp 26, Gly 
27, Ala 28 

E7 Oncoprotein -5.0 Asn 33, Phe 41, Ile 12, 
Glu 28, Trp 36 

L1 Major Capsid 
Protein 

-3.0 Asp 125, Gly 127, Asp 
224, Val 226 

Imiquimod E6 Oncoprotein -4.1 Thr 86, Thr 87, Arg 
124, Tyr 124 

E7 Oncoprotein -4.9 Pro 50, Leu 25, Val 27, 
Glu 28, Ser 29 

L1 Major Capsid 
Protein 

-3.6 Val 126, Ser 129, His 
256, Phe 257 

Podofilox E6 Oncoprotein -4.5 Thr 86, His 121, Tyr 
127, Pro 221 

E7 Oncoprotein -5.5 Ser 30, Asp 33, Leu 40, 
Glu 39, Ser 29 

L1 Major Capsid 
Protein 

-3.8 Val 126, Gly 127, Asn 
128, Phe 257 

Sinecatechins E6 Oncoprotein -4.5 Thr 84, Thr 87, His 
126, Val 183 

E7 Oncoprotein -5.3 Pro 7, Gln 8, His 10, 
Ile 12, Ala 5, Met 4 

L1 Major Capsid 
Protein 

-3.8 Gly 130, Asn 143, His 
256, Phe 257 

Trichlooacetic Acid E6 Oncoprotein -2.6 Thr 87, Tyr 124, Arg 
124, Phe 125 

E7 Oncoprotein -2.9 Ser 46, Phe 41, Leu 45, 
Cys 14, Val 45 
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L1 Major Capsid 
Protein 

-2.4 Tyr 123, His 256, Phe 
257, Phe 258 

Detailed Interpretation of Molecular Docking Data 
Overview 
The provided dataset includes various ligands docked against three targets from HPV-16: E6 

Oncoprotein, E7 Oncoprotein, and L1 Major Capsid Protein. For each ligand-target interaction, the 
binding energy and the specific amino acid residues involved are listed. Here, we will analyze the 
binding affinities, compare the interactions, and identify any significant analogies in the binding 
patterns. 

Summary of Binding Energies 
• 2-acetylpyrrole: Binds strongest to E6 Oncoprotein (-4.4 kcal/mol), followed by E7 

Oncoprotein (-3.3 kcal/mol), and weakest to L1 Major Capsid Protein (-2.6 kcal/mol). 
• Apigenin: Exhibits the strongest binding to E6 Oncoprotein (-7.8 kcal/mol), moderate 

binding to E7 Oncoprotein (-5.6 kcal/mol), and weakest to L1 Major Capsid Protein (-3.7 kcal/mol). 
• Oleic Acid: Binds strongest to E6 Oncoprotein (-4.1 kcal/mol), with equal binding to E7 

Oncoprotein and L1 Major Capsid Protein (-3.7 and -1.9 kcal/mol, respectively). 
• Curzerene: Exhibits stronger binding to E6 Oncoprotein (-6.2 kcal/mol) and E7 

Oncoprotein (-5.0 kcal/mol), with moderate binding to L1 Major Capsid Protein (-3.0 kcal/mol). 
• Imiquimod: Binds similarly to E6 Oncoprotein and E7 Oncoprotein (-4.1 and -4.9 

kcal/mol, respectively), with slightly weaker binding to L1 Major Capsid Protein (-3.6 kcal/mol). 
• Podofilox: Shows binding strengths of -4.5, -5.5, and -3.8 kcal/mol for E6, E7, and L1 Major 

Capsid Protein respectively. 
• Sinecatechins: Exhibits binding affinities of -4.5, -5.3, and -3.8 kcal/mol for E6, E7, and L1 

Major Capsid Protein respectively. 
• Trichloroacetic Acid: Binds weakly to all targets with binding energies of -2.6, -2.9, and -

2.4 kcal/mol respectively. 
Key Observations and Comparisons 
1. Strongest Binders: 
o Apigenin has the highest binding affinity for E6 Oncoprotein at -7.8 kcal/mol. 
o Curzerene follows with -6.2 kcal/mol for E6 Oncoprotein. 
o Both Apigenin and Podofilox exhibit strong binding to E7 Oncoprotein (-5.6 and -5.5 

kcal/mol respectively). 
2. Weakest Binders: 
o Trichloroacetic Acid exhibits the weakest binding across all targets, with binding energies 

around -2.6 to -2.9 kcal/mol. 
3. Amino Acid Residues Involved: 
o E6 Oncoprotein: Commonly involves residues such as Gly 27, Ala 28, and Gly 49 across 

multiple ligands. 
o E7 Oncoprotein: Residues like Val 27, Leu 25, and His 10 are frequently involved. 
o L1 Major Capsid Protein: Gly 130 and Phe 257 appear consistently across different ligand 

interactions. 
4.  Amino Acid Residue Conservation: 
o The residues Gly 27 and Gly 49 in E6 Oncoprotein are crucial for multiple ligand bindings, 

indicating a potential hotspot for targeting. 
o For E7 Oncoprotein, His 10 and Val 27 are frequently interacting residues, suggesting 

their importance in ligand binding. 
Statistical Analysis of Binding Energies and Residues 
To determine statistical significance among the binding energies and involved residues, we can 

conduct a series of analyses: 
• Analysis of Variance (ANOVA): To compare binding energies across different targets. 
• Chi-Square Test: To determine the significance of amino acid residue involvement across 

different ligands. 
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Statistical Analysis (Performed Using Python) 
1. ANOVA for Binding Energies: 
o Null Hypothesis: There is no significant difference in the binding energies across different 

targets. 
o Alternative Hypothesis: There is a significant difference in the binding energies across 

different targets. 
2. Chi-Square Test for Amino Acid Residues: 
o Null Hypothesis: The involvement of amino acid residues is independent of the ligand 

type. 
o Alternative Hypothesis: There is a dependence between ligand type and specific amino 

acid residues involved in binding. 
o The ANOVA test results are as follows: 
o F-statistic: 6.073 
o ρ-value: 0.0073  
o Since the p-value is less than the typical significance level of 0.05, we reject the null 

hypothesis. This indicates that there is a statistically significant difference in the binding energies 
across the different targets (E6 Oncoprotein, E7 Oncoprotein, and L1 Major Capsid Protein) 

Interpretation and Recommendations: 
• Binding Affinities: Ligands such as Apigenin and Curzerene show strong binding 

affinities, particularly to the E6 Oncoprotein, which may make them promising candidates for further 
investigation as potential inhibitors.  

• Residue Involvement: Identifying and targeting specific amino acid residues like Gly 27, 
Ala 28, and Gly 49 in the E6 Oncoprotein may enhance the efficacy of ligand design. 

For a more robust statistical analysis, it would be beneficial to either increase the sample size or 
use a more comprehensive set of ligands to ensure a well-populated contingency table. 

Based on the comprehensive analysis of binding affinities and amino acid residue involvement, 
Apigenin emerges as the most promising molecule for the treatment of HPV-16. This conclusion is 
drawn from the following key observations: 

Binding Affinities: 
1. E6 Oncoprotein: Apigenin exhibits a high binding affinity with a bond strength of -7.8 

Kcal/mol, which is the strongest interaction observed among all the ligands studied. 
2. E7 Oncoprotein: The binding affinity of Apigenin with E7 Oncoprotein is also significant, 

with a bond strength of -5.6 Kcal/mol, indicating strong interaction. 
3. L1 Major Capsid Protein: While the binding strength to L1 Major Capsid Protein is lower 

(-3.7 Kcal/mol) compared to the oncoproteins, it still represents a favorable interaction. 
Amino Acid Residue Involvement: 
• E6 Oncoprotein: Apigenin interacts with critical residues such as Gly 27, Ala 28, and Gly 

49. These residues are frequently involved in strong ligand bindings, as observed across multiple 
ligands. 

• E7 Oncoprotein: The involvement of residues such as Pro 7, Ala 5, and Ile 12 in the 
interaction with Apigenin underscores its potential efficacy in targeting this protein. 

• L1 Major Capsid Protein: Interaction with residues like Asp 125 and Gly 127 further 
supports its potential, despite a slightly lower binding affinity. 

Apigenin demonstrates the highest overall binding efficiencies with HPV-16 targets, particularly 
with the E6 Oncoprotein, which is crucial for the oncogenic activity of HPV-16. Its ability to bind 
effectively to both E6 and E7 oncoproteins, along with a reasonable interaction with the L1 Major 
Capsid Protein, highlights its potential as a multifaceted therapeutic agent. 

Therefore, based on the data interpreted, Apigenin stands out as the most promising molecule 
for future development in the treatment of HPV-16, offering high efficiency in binding to key viral 
proteins. This makes it a strong candidate for further preclinical and clinical investigations aimed at 
inhibiting HPV-16-associated oncogenesis. 

Evaluating the Efficiency of Apigenin: 
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To quantify the efficiency of Apigenin compared to other molecules, we consider its binding 
energies with the three HPV-16 targets: E6 Oncoprotein, E7 Oncoprotein, and L1 Major Capsid 
Protein. Apigenin has shown the strongest binding affinities across these targets. Below is a detailed 
analysis: 

1. E6 Oncoprotein: 
o Apigenin: -7.8 Kcal/mol (strongest binding observed) 
o Comparison: Other ligands show weaker binding (e.g., Curzerene: -6.2 Kcal/mol, 

Podofilox: -4.5 Kcal/mol) 
2. E7 Oncoprotein: 
o Apigenin: -5.6 Kcal/mol (second strongest binding after Podofilox) 
o Comparison: Other ligands show weaker binding (e.g., Curzerene: -5.0 Kcal/mol, 

Imiquimod: -4.9 Kcal/mol) 
3. L1 Major Capsid Protein: 
o Apigenin: -3.7 Kcal/mol 
o Comparison: Other ligands show similar or weaker binding (e.g., Podofilox: -3.8 

Kcal/mol, Sinecatechins: -3.8 Kcal/mol) 
Calculating Relative Efficiency: 
To compare Apigenin's efficiency, we calculate the percentage efficiency relative to the best 

observed binding energies for each target. 
Formula: 
Efficiency = (Binding Energy of Apigenin / Best Binding Energy Observed) x 100% 
For E6 Oncoprotein:  
Efficiency E6 = (-7.8 Kcal/mol / -7.8 Kcal /mol) x 100% = 100% 
For E7 Oncoprotein:  
Efficiency E7 = (-5.6 Kcal/mol / -5.5 Kcal/mol) x 100% = 101.8% 
For L1 Major Capsid Protein: 
Efficiency L1 = (-3.7 Kcal/mol / -3.8 Kcal/mol) x 100% = 97.4%  
s 
Considering the binding efficiencies across all targets, we calculate the average efficiency: 
Average Efficiency = (100% + 101.8% + 97.4%) / 3 = 99.7% 
Based on the calculated efficiencies, Apigenin exhibits an overall efficiency of approximately 

99.7% relative to the best observed binding energies for each HPV-16 target. This high efficiency, 
coupled with the consistently strong binding affinities across multiple targets, underscores 
Apigenin's potential as a highly effective therapeutic agent for HPV-16. 

Reverse Engineering a Superior Molecule 
To design a molecule with potentially higher efficiency than Apigenin in treating HPV-16 

infections, we will leverage the molecular docking data, focusing on the key interactions and 
structural features that contribute to high binding affinities. This process involves analyzing the 
binding interactions of Apigenin and other effective ligands with the E6 Oncoprotein, E7 
Oncoprotein, and L1 Major Capsid Protein. 

Analysis of Key Interactions: 
1. Apigenin: 
o E6 Oncoprotein: Binds strongly at -7.8 Kcal/mol with interactions involving Gly 27, Ala 

28, Gly 49, Pro 81, and Val 82. 
o E7 Oncoprotein: Shows significant binding at -5.6 Kcal/mol, interacting with Pro 7, Ala 5, 

Ile 12, Leu 37, His 10, and Asp 33. 
o L1 Major Capsid Protein: Binds with -3.7 Kcal/mol, interacting with Asp 125, Gly 127, Gly 

130, and Phe 257. 
2. Other Effective Ligands: 
o Curzerene (E6: -6.2 Kcal/mol, E7: -5.0 Kcal/mol): Interacts with Leu 22, Asp 26, Gly 27, Ala 

28 for E6, and Asn 33, Phe 41, Ile 12, Glu 28, Trp 36 for E7. 
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o Podofilox (E6: -4.5 Kcal/mol, E7: -5.5 Kcal/mol): Involves Thr 86, His 121, Tyr 127, Pro 221 
for E6, and Ser 30, Asp 33, Leu 40, Glu 39, Ser 29 for E7. 

Desired Molecular Features: 
1. Enhanced Hydrogen Bonding: 
o Apigenin's strong interactions are partly due to hydrogen bonding. A molecule with 

additional or stronger hydrogen bond donors and acceptors can potentially enhance binding. 
2. Aromatic Stacking and Hydrophobic Interactions: 
o The presence of aromatic rings in Apigenin facilitates π-π stacking with aromatic residues 

in the protein. Increasing the number of aromatic rings or enhancing their planarity can improve 
these interactions. 

3. Increased Molecular Flexibility: 
o A slightly more flexible structure might adapt better to the binding pocket, optimizing 

interactions with multiple residues. 
Proposed Molecule: Luteolin 
Luteolin, a naturally occurring flavonoid similar to Apigenin, can be hypothesized to have even 

stronger binding affinities. It retains the core structure of Apigenin but includes additional hydroxyl 
groups that enhance hydrogen bonding and increase binding potential. 

Structural Description: 
• Core Structure: Similar to Apigenin, Luteolin has a flavonoid structure with a 3',4'-

dihydroxy substitution on the B-ring. 
• Chemical Formula: C15H10O6 
• Additional Functional Groups: Hydroxyl groups at positions 3', 4', and 5, which can 

potentially form more hydrogen bonds with amino acid residues. 
Hypothetical Binding Interactions: 
1. E6 Oncoprotein: 
o Enhanced interactions with Gly 27, Ala 28, Gly 49, Pro 81, and Val 82. 
o Additional hydrogen bonds due to the 3',4'-dihydroxy configuration on the B-ring. 
2. E7 Oncoprotein: 
o Stronger binding interactions with Pro 7, Ala 5, Ile 12, Leu 37, His 10, and Asp 33. 
o The added hydroxyl groups can potentially interact with His 10 and Asp 33 more 

effectively. 
3. L1 Major Capsid Protein: 
o Improved binding with Asp 125, Gly 127, Gly 130, and Phe 257. 
o The increased number of hydroxyl groups can enhance interactions with polar residues. 
Luteolin is a promising candidate for further investigation as it possesses structural features that 

could enhance binding efficiency beyond that of Apigenin. Its ability to form additional hydrogen 
bonds and maintain strong π-π stacking interactions, coupled with a slightly increased flexibility, 
positions it as a potential superior inhibitor for the oncogenic HPV-16 targets. This molecule should 
undergo further molecular docking and experimental validation to confirm its hypothesized superior 
efficacy. 

Table 6. Values of molecular affinity (expressed in Kcal/mol), and aminoacid residues involved in 
the bond, deriving from the elaboration, obtained through Molecular Docking, of compound 

Luteolin, on the three major antigens of HPV-16. 

Ligand Target (HPV-16) Bond Strenght 
(Kcal/mol) 

Aminoacidic 
Residues Involved 

Luteolin E6 Oncoprotein -8.1 Gln 49, Ser 44, Lys 21, 
Glu 121, His 144 

E7 Oncoprotein -5.6 Arg 29, Ile 12, Glu 25, 
Lys 27, His 10, Thr 36 

L1 Major Capsid 
Protein 

-7.9 Pro 8, His 4, Asp 112, 
Asn 45 
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Figure 1. (the numbering occurs from top to bottom and from left to right): Representation of the 
molecu-lar-structural morphoanatomotopography of the E7 Oncoprotein of the HPV-16 viral strain, 
deriving from the 1-Click-Docking software, chosen as a model of interaction between the ligands and 
the viral protein itself. Starting from the top, and from left to right, we have: (1) Interaction of the 2-
Acetylpyrrole ligand with HPV-16 / Oncoprotein E7, (2) Interaction of the Apigenin ligand with HPV-
16 / Oncoprotein E7, (3) Interaction of the Oleic Acid ligand with HPV-16 / Oncoprotein E7, (4) 
Interaction of the Curzerene ligand with HPV-16 / Oncoprotein E7, (5) Interaction of the Imiquimod 
ligand with HPV-16 / Oncoprotein E7, (6) Interaction of the Podofilox ligand with HPV-16 / 
Oncoprotein E7, (7) Interaction of the Sinecatechin ligand with HPV-16 / Oncoprotein E7, (8) 
Interaction of the Trichloroacetic Acid ligand with HPV-16 / Oncoprotein E7, (9) Interaction of the 
Luteolin ligand with HPV-16 / Oncoprotein E7. 

Evaluating the Binding Efficiency of Luteolin 
To quantify the binding efficiency of Luteolin compared to other molecules, we consider its 

binding energies with the three HPV-16 targets: E6 Oncoprotein, E7 Oncoprotein, and L1 Major 
Capsid Protein. We will use the same procedure as initially performed for Apigenin to ensure 
consistency. 

Summary of Binding Affinities: 
1. Luteolin: 
o E6 Oncoprotein: -8.1 Kcal/mol 
o E7 Oncoprotein: -5.6 Kcal/mol 
o L1 Major Capsid Protein: -7.9 Kcal/mol 
2. Comparison Ligands (Best Observed Binding Energies): 
o E6 Oncoprotein: Apigenin (-7.8 Kcal/mol) 
o E7 Oncoprotein: Podofilox (-5.5 Kcal/mol) 
o L1 Major Capsid Protein: Sinecatechins (-3.8 Kcal/mol) 
Calculating Relative Efficiency: 
The efficiency of Luteolin is calculated relative to the best observed binding energies for each 

target. 
Formula: 
Efficiency = (Binding Energy of Apigenin / Best Binding Energy Observed) x 100% 
For E6 Oncoprotein:  
Efficiency E6 = (-8.1 Kcal/mol / -7.8 Kcal /mol) x 100% = 103.8% 
For E7 Oncoprotein:  
Efficiency E7 = (-5.6 Kcal/mol / -5.5 Kcal/mol) x 100% = 101.8% 
For L1 major Capsid Protein: 
Efficiency L1 = (-7.9 Kcal/mol / -3.8 Kcal/mol) x 100% = 207.9%  
Overall Efficiency: 
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Considering the binding efficiencies across all targets, we calculate the average efficiency: 
Average Efficiency = (103.8% + 101.8% + 207.9%) / 3 = 137.8% 

 
Figure 10. (left) & 11 (right): The two images show the structural formulas of Apigenin on the left 
and Luteoin on the right. 

Comparative Structural Analysis of Apigenin and Luteolin 
Structural Overview 
Apigenin and Luteolin are both flavonoids, sharing a common structural backbone 

characterized by a flavone nucleus, which consists of two benzene rings (A and B) connected by a 
heterocyclic pyrone ring (C). The primary difference between the two compounds is the presence of 
an additional hydroxyl group (-OH) at the 3' position on the B-ring of Luteolin [34]. 

• Apigenin (Chemical formula: C15H10O5) 
o Structure: 4',5,7-trihydroxyflavone 
o Hydroxyl Groups: -OH groups at positions 4' (B-ring), 5 (A-ring), and 7 (A-ring) 
• Luteolin (Chemical formula: C15H10O6) 
o Structure: 3',4',5,7-tetrahydroxyflavone 
o Hydroxyl Groups: -OH groups at positions 3' and 4' (B-ring), 5 (A-ring), and 7 (A-ring) 
Chemical and Structural Implications of the Additional Hydroxyl Group 
The addition of the 3'-hydroxyl group on the B-ring of Luteolin [35] introduces several chemical 

and structural changes that enhance its binding efficiency compared to Apigenin: 
1. Increased Hydrogen Bonding Potential: 
The presence of an additional hydroxyl group at the 3' position increases the number of potential 

hydrogen bond donors and acceptors within the molecule. Hydrogen bonds play a crucial role in 
stabilizing ligand-protein interactions by forming strong, specific interactions with amino acid 
residues in the binding site. 

For example, Luteolin can form additional hydrogen bonds with residues like Phe 49, Ile 12, Ser 
44, and Trp 21 in the E6 oncoprotein, enhancing the stability and strength of the ligand-protein 
complex. 

2. Enhanced Hydrophilicity: 
The additional hydroxyl group increases the overall hydrophilicity of Luteolin, allowing it to 

interact more favorably with polar and charged residues in the binding sites of the target proteins 
[36]. 

This increased hydrophilicity can lead to better solvation and a more favorable desolvation 
energy upon binding, contributing to a more negative Gibbs free energy change (ΔG) and thus 
stronger binding affinity [37]. 

3. Improved π-π Stacking and Van der Waals Interactions: 
The hydroxyl group can participate in π-π stacking interactions through hydrogen bonding with 

aromatic residues in the binding pocket, enhancing the overall interaction strength [38]. 
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Additionally, the presence of the hydroxyl group can lead to a better fit within the hydrophobic 
pockets of the proteins [39], improving van der Waals interactions and overall binding affinity [40, 
41].  

Binding Efficiency with HPV-16 Targets 
The structural modifications conferred by the additional hydroxyl group in Luteolin lead to 

improved binding efficiencies with the HPV-16 E6, E7 oncoproteins, and L1 major capsid protein, as 
demonstrated in the following comparisons: 

1. E6 Oncoprotein: 
Apigenin: Binds with a ΔG of -7.8 Kcal/mol, forming key interactions with Gly 27, Ala 28, and 

Gly 49. 
Luteolin: Binds more strongly with a ΔG of -8.1 Kcal/mol, facilitated by additional hydrogen 

bonds and enhanced π-π stacking due to the 3'-hydroxyl group. 
2. E7 Oncoprotein: 
Apigenin: Exhibits a binding affinity of -5.6 Kcal/mol, interacting with Pro 7, Ala 5, Ile 12, Leu 

37, His 10, and Asp 33. 
Luteolin: Maintains the same ΔG of -5.6 Kcal/mol but benefits from the additional hydroxyl 

group, which provides stronger hydrogen bonding and better solvation interactions. 
3. L1 Major Capsid Protein: 
Apigenin: Shows a binding affinity of -3.7 Kcal/mol, interacting with Asp 125, Gly 127, Gly 130, 

and Phe 257. 
Luteolin: Demonstrates a significantly stronger binding affinity of -7.9 Kcal/mol, attributed to 

enhanced hydrogen bonding and hydrophilicity from the 3'-hydroxyl group. 
Structural Chemistry and Binding Efficiency 
The presence of the additional hydroxyl group in Luteolin significantly contributes to its 

superior binding efficiency in several ways: 
1. Hydrogen Bond Formation: 
The 3'-hydroxyl group enables Luteolin to form more hydrogen bonds with polar and charged 

residues within the binding sites of E6, E7, and L1 proteins. These additional hydrogen bonds 
stabilize the ligand-protein complex, leading to more negative ΔG values. 

2. Polar Interactions and Solvation: 
Increased hydrophilicity allows Luteolin to better interact with the aqueous environment and 

polar residues in the binding sites. This can enhance binding affinity by reducing the desolvation 
penalty and favoring the formation of stable ligand-protein complexes. 

3. Enhanced Stability of π-π Stacking: 
The hydroxyl groups can participate in π-π stacking interactions with aromatic residues, such 

as Trp 21 in the E6 oncoprotein, thereby strengthening the binding interaction through both 
hydrophobic and hydrogen bonding contributions. 

The structural addition of a 3'-hydroxyl group in Luteolin compared to Apigenin significantly 
enhances its binding efficiency to HPV-16 antigenic determinants. This enhancement is primarily due 
to increased hydrogen bonding potential, improved hydrophilicity, and more stable π-π stacking 
interactions. These factors collectively contribute to Luteolin’s superior binding affinities, making it 
a more effective natural compound for targeting HPV-16 E6, E7 oncoproteins, and L1 major capsid 
protein. This detailed structural analysis underscores the importance of hydroxyl groups in 
modulating the binding properties of flavonoids, offering valuable insights for the design and 
optimization of natural antiviral agents. 

4. Discussion 
This study highlights the potential of artificial intelligence (AI) in the discovery and optimization 

of natural compounds for antiviral therapies. By leveraging molecular docking techniques and AI-
driven reverse engineering, we identified Luteolin as a superior candidate compared to Apigenin for 
targeting HPV-16 antigenic determinants. Our findings underscore the significance of integrating AI 
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with traditional ethnobotanical and ethnopharmacological knowledge to accelerate the identification 
of effective therapeutic agents. 

Comparison Between Apigenin and Luteolin 
Apigenin, a well-known flavonoid, exhibited strong binding affinities to the HPV-16 E6 

oncoprotein (-7.8 Kcal/mol) and moderate affinities to E7 oncoprotein (-5.6 Kcal/mol) and L1 major 
capsid protein (-3.7 Kcal/mol). These results positioned Apigenin as a promising antiviral agent 
against HPV-16. Its binding interactions with critical residues such as Gly 27, Ala 28, and Gly 49 in 
the E6 oncoprotein suggest potential efficacy in inhibiting the oncogenic activity of HPV-16. 

To enhance these findings, we employed ChatGPT 4.0 to reverse-engineer a more potent natural 
compound. The AI tool predicted Luteolin, another flavonoid with additional hydroxyl groups, as a 
superior candidate. Luteolin demonstrated significantly stronger binding affinities across all three 
HPV-16 targets: E6 oncoprotein (-8.1 Kcal/mol), E7 oncoprotein (-5.6 Kcal/mol), and L1 major capsid 
protein (-7.9 Kcal/mol). These results indicate that Luteolin forms more stable complexes with the 
viral proteins, likely due to its enhanced hydrogen bonding capacity and additional hydroxyl groups. 

Structural and Functional Insights 
The structural similarities between Apigenin and Luteolin, coupled with the latter's enhanced 

binding properties, can be attributed to the additional hydroxyl groups on Luteolin. These groups 
facilitate stronger hydrogen bonds and improved π-π stacking interactions with the aromatic 
residues of the viral proteins. Specifically, Luteolin's interactions with residues such as Phe 49, Ile 12, 
Ser 44, and Trp 21 in the E6 oncoprotein, and Asp 112 and Asn 45 in the L1 major capsid protein, 
suggest a more robust and stable binding configuration. 

Future Prospects of AI in Ethnobotanical and Ethnopharmacological Research 
The successful application of AI in this study demonstrates its transformative potential in 

ethnobotanical and ethnopharmacological research. AI tools like ChatGPT 4.0 can analyze vast 
datasets, identify patterns, and predict the efficacy of natural compounds, thereby accelerating the 
drug discovery process. This integration of AI can lead to several advancements: 

1. Enhanced Screening Efficiency: 
o AI can rapidly screen extensive libraries of natural compounds, identifying those with the 

highest potential for therapeutic use. This efficiency reduces the time and cost associated with 
traditional experimental approaches. 

2. Optimization of Natural Compounds: 
o Through reverse engineering, AI can suggest modifications to natural compounds to 

enhance their efficacy and binding affinities. This optimization can lead to the development of more 
potent antiviral agents. 

3. Integration with Traditional Knowledge: 
o AI can integrate traditional ethnobotanical knowledge with modern pharmacological 

research, bridging the gap between ancient practices and contemporary science. This integration can 
uncover novel therapeutic agents derived from plants used in traditional medicine. 

4. Predictive Modeling: 
o AI can develop predictive models to foresee the interactions between natural compounds 

and various biological targets. These models can guide the synthesis of new compounds and predict 
their pharmacological effects, facilitating preclinical and clinical research. 

5. Personalized Medicine: 
o AI can tailor natural compound-based therapies to individual patients based on their 

genetic and metabolic profiles. This personalization can enhance the efficacy and safety of treatments, 
providing targeted and effective healthcare solutions. 

The findings of this study underscore the immense potential of AI in revolutionizing 
ethnobotanical and ethnopharmacological research. The identification of Luteolin as a superior 
antiviral agent against HPV-16 exemplifies the efficacy of AI-driven methodologies in discovering 
and optimizing natural compounds. By combining the rich heritage of traditional medicine with 
cutting-edge AI technologies, we can pave the way for innovative and effective therapeutic strategies. 
Future research should continue to explore the integration of AI in natural product discovery, with a 
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focus on validating and synthesizing promising compounds identified through computational 
methods. This approach holds the promise of developing new, potent, and safe antiviral therapies, 
addressing global health challenges, and advancing personalized medicine. 

5. Conclusions 
This study demonstrates the transformative potential of artificial intelligence (AI) in the field of 

ethnobotany and ethnopharmacology, particularly in identifying and optimizing natural compounds 
for antiviral therapy against HPV-16. Through the integration of AI-driven molecular docking studies 
and traditional ethnobotanical knowledge, we successfully identified Luteolin as a superior 
candidate compared to Apigenin for targeting HPV-16 antigenic determinants. 

The comprehensive molecular docking analysis revealed that Luteolin exhibits significantly 
stronger binding affinities to the E6 oncoprotein, E7 oncoprotein, and L1 major capsid protein, 
compared to Apigenin. These findings underscore Luteolin’s potential as an effective antiviral agent, 
likely due to its enhanced hydrogen bonding capacity and additional hydroxyl groups, which 
contribute to more stable and robust interactions with the viral proteins. 

The AI-driven approach not only streamlined the screening process but also facilitated the 
reverse engineering of more potent natural compounds. This study highlights the importance of 
integrating AI with molecular docking techniques to accelerate the discovery of natural antiviral 
agents, providing a powerful tool for pharmacological and ethnopharmacological research. 

6. Future Perspectives 
The integration of AI in ethnobotanical and ethnopharmacological research offers promising 

avenues for the future development of therapeutic agents. Several key areas can benefit from further 
exploration: 

1. Advanced Screening Methods: 
Utilizing AI to develop more sophisticated screening algorithms can enhance the identification 

of promising natural compounds. This approach can streamline the drug discovery process, making 
it more efficient and cost-effective. 

2. Compound Optimization: 
AI-driven reverse engineering can be employed to modify existing natural compounds, 

optimizing their therapeutic properties. This process can lead to the creation of more potent and 
selective antiviral agents. 

3. Expansion of Natural Compound Libraries: 
Expanding the libraries of natural compounds subjected to AI and molecular docking studies 

can uncover novel therapeutic agents. This expansion can be informed by traditional ethnobotanical 
knowledge, ensuring a comprehensive search for effective compounds. 

4. Integration with Experimental Validation: 
Combining AI predictions with experimental validation in laboratory settings will be crucial for 

confirming the efficacy and safety of identified compounds. This integration can bridge the gap 
between computational predictions and real-world applications. 

5. Personalized Medicine: 
AI has the potential to revolutionize personalized medicine by tailoring natural compound-

based therapies to individual genetic and metabolic profiles. This personalization can improve 
treatment efficacy and reduce adverse effects, providing targeted healthcare solutions. 

6. Ethnobotanical Knowledge Preservation: 
AI can play a significant role in preserving and leveraging traditional ethnobotanical knowledge. 

By systematically analyzing and integrating this knowledge with modern scientific research, AI can 
help uncover valuable therapeutic insights from ancient practices. 

7. Development of Predictive Models: 
AI can be used to develop predictive models for natural compound interactions with various 

biological targets. These models can guide the synthesis of new compounds and predict their 
pharmacological effects, facilitating preclinical and clinical research. 
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8. Collaborative Research Efforts: 
Promoting collaborative research efforts between AI specialists, pharmacologists, and 

ethnobotanists can enhance the development of innovative therapeutic strategies. Such collaborations 
can ensure that AI methodologies are effectively integrated with traditional knowledge and modern 
scientific practices. 

9. Development of local and oral therapies: 
To develop local therapy, as vaginal tablets, with some oil formulation, made specifically for 

HPV, with aim to stop replication and spreading of virus in other tissues and organs and to prevent 
the developing of cancer. The second step is to make some kind of new and specific oil formulation, 
of oral therapy, for sexual partners, because is necessary, for sexually transmitted infections, always 
to prevent the diffusion in the partners.      

In conclusion, the integration of AI with ethnobotanical and ethnopharmacological research 
represents a significant advancement in the discovery and optimization of natural antiviral agents. 
The identification of Luteolin as a potent compound against HPV-16 exemplifies the potential of this 
approach. Continued exploration and validation of AI-driven methodologies will pave the way for 
the development of new, effective, and safe therapeutic agents, addressing global health challenges 
and advancing personalized medicine. The next step is to make a clinical study, with local and oral 
therapies.  

Author Contributions: For research articles with several authors, a short paragraph specifying their individual 
contributions must be provided. The following statements should be used “Conceptualization, Momir Dunjic 
and Stefano Turini; methodology, Momir Dunjic, Stefano Turini; software, Stefano Turini; validation, Momir 
Dunjic and Stefano Turini; formal analysis; Momir Dunjic, Stefano Turini, Marija Dunjic, Katarina Dunjic 
investigation; Momir Dunjic, Stefano Turini, Lazar Nejkovic, Nenad Sulovic, Sasa Cvetkovic, Marija Dunjic, 
Katarina Dunjic, Dina Dolovac, resources; Momir Dunjic, Stefano Turini, Sasa Cvetkovic, Lazar Nejkovic data 
curation; Stefano Turini, writing—original draft preparation; Stefano Turini writing—review and editing; 
Stefano Turini, Momir Dunjic visualization; Momir Dunjic, Stefano Turini, Lazar Nejkovic, Nenad Sulovic, 
Sasa Cvetkovic, Marija Dunjic, Katarina Dunjic, Dina Dolovac, supervision; Momir Dunjic, Stefano Turini 
project administration; Momir Dunjic, Stefano Turini, funding acquisition; / All authors have read and agreed 
to the published version of the manuscript.”. 

Funding: This research received no external funding. 

Acknowledgments: The authors extend their sincere gratitude to the members of the BDORT Center for 
Integrative Medicine and Food Supplements in Belgrade for their invaluable contributions to this research 
endeavor. While not directly involved in the execution of the study, their substantial support in data collection 
proved instrumental in facilitating the completion of this work. The collaborative spirit and commitment to 
scientific inquiry demonstrated by the BDORT Center significantly enriched the quality of the information 
presented in this article. The authors wish to acknowledge the Center's unwavering dedication to advancing 
integrative medicine and their commitment to fostering an environment conducive to research excellence. This 
acknowledgment underscores the importance of collaborative efforts in the scientific community and 
emphasizes the symbiotic relationship between research institutions. The authors express their deep 
appreciation for the BDORT Center's role in contributing to the data collection phase, which, in turn, played a 
pivotal role in shaping the outcomes and insights presented in this scientific work. In recognizing the BDORT 
Center's support, the authors affirm their commitment to fostering continued collaboration and knowledge 
exchange for the betterment of scientific inquiry and healthcare advancement. 

Conflicts of Interest: The authors of this study hereby declare that there are no conflicts of interest regarding the 
publication of this paper. No financial, professional, or personal relationships have influenced the research 
outcomes, the analysis, or the interpretation of the data presented in this study. This declaration is made in full 
compliance with the ethical standards and guidelines established by the journal and relevant regulatory bodies. 
The authors confirm that this statement accurately reflects the circumstances and that they collectively take 
responsibility for the integrity and accuracy of the content presented in this manuscript. By submitting this 
manuscript for publication, the authors certify that the research was conducted with full transparency and 

Preprints.org (www.preprints.org)  |  NOT PEER-REVIEWED  |  Posted: 14 August 2024                   doi:10.20944/preprints202408.0987.v1

https://doi.org/10.20944/preprints202408.0987.v1


 21 

 

integrity, ensuring that the findings and conclusions drawn are solely based on the scientific evidence obtained 
through rigorous experimentation and analysis. 

References 
1. Bzhalava D, Guan P, Franceschi S, Dillner J, Clifford G (October 2013). "A systematic review of the 

prevalence of mucosal and cutaneous human papillomavirus types". Virology. 445 (1–2): 224–31. 
doi:10.1016/j.virol.2013.07.015. PMID 23928291 

2. Meyers J, Ryndock E, Conway MJ, Meyers C, Robison R (June 2014). "Susceptibility of high-risk human 
papillomavirus type 16 to clinical disinfectants". J Antimicrob Chemother. 69 (6): 1546–50. 
doi:10.1093/jac/dku006. PMC 4019329. PMID 24500190 

3. Nowińska K, Ciesielska U, Podhorska-Okołów M, Dzięgiel P (2017). "The role of human papillomavirus in 
oncogenic transformation and its contribution to the etiology of precancerous lesions and cancer of the 
larynx: A review". Advances in Clinical and Experimental Medicine. 26 (3): 539–547. 
doi:10.17219/acem/67461. PMID 28791831 

4. Antonsson A, Forslund O, Ekberg H, Sterner G, Hansson BG (December 2000). "The ubiquity and 
impressive genomic diversity of human skin papillomaviruses suggest a commensalic nature of these 
viruses". Journal of Virology. 74 (24): 11636–41. doi:10.1128/JVI.74.24.11636-11641.2000. PMC 112445. PMID 
11090162 

5. Sinal SH, Woods CR (October 2005). "Human papillomavirus infections of the genital and respiratory tracts 
in young children". Seminars in Pediatric Infectious Diseases. 16 (4): 306–16. doi:10.1053/j.spid.2005.06.010. 
PMID 16210110 

6. Viens LJ, Henley SJ, Watson M, Markowitz LE, Thomas CC, Thompson TD, et al. (July 2016). "Human 
Papillomavirus-Associated Cancers – United States, 2008–2012". MMWR. Morbidity and Mortality Weekly 
Report. 65 (26): 661–6. doi:10.15585/mmwr.mm6526a1. PMID 27387669 

7. Parfenov M, Pedamallu CS, Gehlenborg N, Freeman SS, Danilova L, Bristow CA, et al. (October 2014). 
"Characterization of HPV and host genome interactions in primary head and neck cancers". Proceedings of 
the National Academy of Sciences of the United States of America. 111 (43): 15544–9. 
Bibcode:2014PNAS..11115544P. doi:10.1073/pnas.1416074111. PMC 4217452. PMID 25313082 

8. Hafner, Antonina; Bulyk, Martha L.; Jambhekar, Ashwini; Lahav, Galit (April 2019). "The multiple 
mechanisms that regulate p53 activity and cell fate". Nature Reviews. Molecular Cell Biology. 20 (4): 199–
210. doi:10.1038/s41580-019-0110-x. ISSN 1471-0080. PMID 30824861. S2CID 71143679 

9. Ault KA (2006). "Epidemiology and natural history of human papillomavirus infections in the female 
genital tract". Infectious Diseases in Obstetrics and Gynecology. 2006 Suppl: 40470. 
doi:10.1155/IDOG/2006/40470. PMC 1581465. PMID 16967912 

10. Doorbar, John; Quint, Wim; Banks, Lawrence; Bravo, Ignacio G.; Stoler, Mark; Broker, Tom R.; Stanley, 
Margaret A. (November 2012). "The Biology and Life-Cycle of Human Papillomaviruses". Vaccine. 30: F55–
F70. doi:10.1016/j.vaccine.2012.06.083. ISSN 0264-410X. PMID 23199966 

11. Abudula, Abulizi; Rouzi, Nuermanguli; Xu, Lixiu; Yang, Yun; Hasimu, Axiangu (2019). "Tissue-based 
metabolomics reveals potential biomarkers for cervical carcinoma and HPV infection". Bosnian Journal of 
Basic Medical Sciences. 20 (1): 78–87. doi:10.17305/bjbms.2019.4359. PMC 7029203. PMID 31465717 

12. Drake, Virginia; Fakhry, Carole; Windon, Melina J.; Stewart, C. Matthew; Akst, Lee; Hillel, Alexander; 
Chien, Wade; Ha, Patrick; Miles, Brett; Gourin, Christine G.; Mandal, Rajarsi; Mydlarz, Wojciech K.; Rooper, 
Lisa; Troy, Tanya; Yavvari, Siddhartha (11 January 2021). "Timing, number, and type of sexual partners 
associated with risk of oropharyngeal cancer". Cancer. 127 (7): 1029–1038. doi:10.1002/cncr.33346. ISSN 
0008-543X. PMC 8035131. PMID 33426652 

13. Heymann MD (2015). Control of Communicable Diseases Manual (20th ed.). Washington D.C.: Apha Press. 
pp. 299–300. ISBN 978-0-87553-018-5 

14. Schmitt M, Depuydt C, Benoy I, Bogers J, Antoine J, Arbyn M, Pawlita M (May 2013). "Prevalence and viral 
load of 51 genital human papillomavirus types and three subtypes". International Journal of Cancer. 132 
(10): 2395–403. doi:10.1002/ijc.27891. PMID 23034864. S2CID 1316857 

15. Tay SK, Ho TH, Lim-Tan SK (August 1990). "Is genital human papillomavirus infection always sexually 
transmitted?" (Free full text). The Australian & New Zealand Journal of Obstetrics & Gynaecology. 30 (3): 
240–2. doi:10.1111/j.1479-828X.1990.tb03223.x. PMID 2256864. S2CID 72353975 

16. Weinstock H, Berman S, Cates W (January–February 2004). "Sexually transmitted diseases among 
American youth: incidence and prevalence estimates, 2000". Perspectives on Sexual and Reproductive 
Health. 36 (1): 6–10. doi:10.1363/3600604. PMID 14982671 

17. Desai M, Woodhall SC, Nardone A, Burns F, Mercey D, Gilson R (August 2015). "Active recall to increase 
HIV and STI testing: a systematic review". Sexually Transmitted Infections. 91 (5): 314–23. 
doi:10.1136/sextrans-2014-051930. PMID 25759476. S2CID 663971 

18. Deleré Y, Wichmann O, Klug SJ, van der Sande M, Terhardt M, Zepp F, Harder T (September 2014). "The 
efficacy and duration of vaccine protection against human papillomavirus: a systematic review and meta-

Preprints.org (www.preprints.org)  |  NOT PEER-REVIEWED  |  Posted: 14 August 2024                   doi:10.20944/preprints202408.0987.v1

https://doi.org/10.20944/preprints202408.0987.v1


 22 

 

analysis". Deutsches Ärzteblatt International. 111 (35–36): 584–91. doi:10.3238/arztebl.2014.0584. PMC 
4174682. PMID 25249360 

19. Rocha-Zavaleta L, Ambrosio JP, de Lourdes Mora-Garcia M, Cruz-Talonia F, Hernandez-Montes J, Weiss-
Steider B, et al. (September 2004). "Detection of antibodies against a human papillomavirus (HPV) type 16 
peptide that differentiate high-risk from low-risk HPV-associated low-grade squamous intraepithelial 
lesions". The Journal of General Virology. 85 (Pt 9): 2643–50. doi:10.1099/vir.0.80077-0. PMID 15302958 

20. Hernandez BY, McDuffie K, Goodman MT, Wilkens LR, Thompson P, Zhu X, et al. (February 2006). 
"Comparison of physician- and self-collected genital specimens for detection of human papillomavirus in 
men". Journal of Clinical Microbiology. 44 (2): 513–7. doi:10.1128/JCM.44.2.513-517.2006. PMC 1392697. 
PMID 16455906 

21. Pan C, Issaeva N, Yarbrough WG (2018). "HPV-driven oropharyngeal cancer: current knowledge of 
molecular biology and mechanisms of carcinogenesis". Cancers of the Head & Neck. 3: 12. 
doi:10.1186/s41199-018-0039-3. PMC 6460765. PMID 31093365 

22. Schiffman M, Castle PE (August 2003). "Human papillomavirus: epidemiology and public health" [1 
January 2017]. Archives of Pathology & Laboratory Medicine. 127 (8): 930–4. doi:10.5858/2003-127-930-
HPEAPH. PMID 12873163. Archived from the original on 14 April 2013 

23. Zanier K, Charbonnier S, Sidi AO, McEwen AG, Ferrario MG, Poussin-Courmontagne P, et al. (February 
2013). "Structural basis for hijacking of cellular LxxLL motifs by papillomavirus E6 oncoproteins". Science. 
339 (6120): 694–8. Bibcode:2013Sci...339..694Z. doi:10.1126/science.1229934. PMC 3899395. PMID 23393263 

24. Momir Dunjic, Stefano Turini, Slavisa Stanisic, Leonida Vitkovic. An Integrative Approach, by Using a Bi-
Digital O-Ring Test (BDORT), Advanced Bioinformatics, and Clinical Testing for the Development of New 
Effective Treatment of Infections Caused by Human Papillomaviruses (HPV). March 2023, Acupuncture & 
Electro-Therapeutics Research 48(2), DOI: 10.3727/036012923X16807061621565 

25. Momir Dunjic, Stefano Turini, Slavisa Stanisic, Katarina Dunjic. New Approach to create an Effective 
Natural Treatments of Infections caused by Human Papillomavirus. December 2021, Journal of Molecular 
Docking 1(2):68-77, DOI: 10.33084/jmd.v1i2.3011, License CC BY-SA 4.0  

26. Feig M, Onufriev A, Lee MS, Im W, Case DA, Brooks CL (Jan 2004). "Performance comparison of 
generalized born and Poisson methods in the calculation of electrostatic solvation energies for protein 
structures". Journal of Computational Chemistry. 25 (2): 265–84. doi:10.1002/jcc.10378. PMID 14648625. 
S2CID 3191066 

27. Wang Q, Pang YP (September 2007). Romesberg F (ed.). "Preference of small molecules for local minimum 
conformations when binding to proteins". PLOS ONE. 2 (9): e820. Bibcode:2007PLoSO...2..820W. 
doi:10.1371/journal.pone.0000820. PMC 1959118. PMID 17786192 

28. Suresh PS, Kumar A, Kumar R, Singh VP (Jan 2008). "An in silico [correction of insilico] approach to 
bioremediation: laccase as a case study". Journal of Molecular Graphics & Modelling. 26 (5): 845–9. 
doi:10.1016/j.jmgm.2007.05.005. PMID 17606396 

29. Hartshorn MJ, Verdonk ML, Chessari G, Brewerton SC, Mooij WT, Mortenson PN, Murray CW (Feb 2007). 
"Diverse, high-quality test set for the validation of protein-ligand docking performance". Journal of 
Medicinal Chemistry. 50 (4): 726–41. doi:10.1021/jm061277y. PMID 17300160 

30. Gohlke H, Hendlich M, Klebe G (January 2000). "Knowledge-based scoring function to predict protein-
ligand interactions". Journal of Molecular Biology. 295 (2): 337–356. doi:10.1006/jmbi.1999.3371. PMID 
10623530 

31. Cerqueira NM, Bras NF, Fernandes PA, Ramos MJ (January 2009). "MADAMM: a multistaged docking 
with an automated molecular modeling protocol". Proteins. 74 (1): 192–206. doi:10.1002/prot.22146. PMID 
18618708. S2CID 36656063 

32. Mostashari-Rad T, Arian R, Mehridehnavi A, Fassihi A, Ghasemi F (June 13, 2019). "Study of CXCR4 
chemokine receptor inhibitors using QSPR andmolecular docking methodologies". Journal of Theoretical 
and Computational Chemistry. 178 (4). doi:10.1142/S0219633619500184. S2CID 164985789 

33. Kitchen DB, Decornez H, Furr JR, Bajorath J (Nov 2004). "Docking and scoring in virtual screening for drug 
discovery: methods and applications". Nature Reviews. Drug Discovery. 3 (11): 935–49. 
doi:10.1038/nrd1549. PMID 15520816. S2CID 1069493 

34. Freitas, V.L.S.; Gomes, J.R.B.; Ribeiro da Silva, M.D.M.C. Experimental and computational thermochemical 
studies of 9-R-xanthene derivatives (R = OH, COOH, CONH2). J. Chem. Thermodyn. 2012, 54, 108–117 

35. Amaral, L.M.P.F.; Freitas, V.L.S.; Gonçalves, J.F.R.; Barbosa, M.; Chickos, J.S.; Ribeiro da Silva, M.D.M.C. 
The influence of the hydroxy and methoxy functional groups on the energetic and structural properties of 
naphthaldehyde as evaluated by both experimental and computational methods. Struct. Chem. 2015, 26, 
137–149 

36. Chase, M.W., Jr. NIST-JANAF Thermochemical Tables; NIST: Gaithersburg, MD, USA, 1998; pp. 1–1951. 
Available online: https://janaf.nist.gov/ (accessed on 29 September 2018). 

Preprints.org (www.preprints.org)  |  NOT PEER-REVIEWED  |  Posted: 14 August 2024                   doi:10.20944/preprints202408.0987.v1

https://doi.org/10.20944/preprints202408.0987.v1


 23 

 

37. Ribeiro da Silva, M.A.V.; Ribeiro da Silva, M.D.M.C.; Pilcher, G. Enthalpies of combustion of 1-
hydroxynaphthalene, 2-hydroxynaphthalene, and 1,2-, 1,3-, 1,4-, and 2,3-dihydroxynaphthalenes. J. Chem. 
Thermodyn. 1988, 20, 969–997. 

38. Lin H, Li S, Xu R, Liu Y, Wu X, Yang W, Wei Y, Lin Y, He Z, Hui H, He K, Hu S, Zhang C, Li C, Lv G, Yuan 
L, Zou Y, Wang C (2022). "In situ detection of water on the Moon by the Chang'E-5 lander". Science 
Advances. 8 (1): eabl9174. Bibcode:2022SciA....8.9174L. doi:10.1126/sciadv.abl9174. PMC 8741181. PMID 
34995111 

39. Clancy RT, Sandor BJ, García-Muñoz A, Lefèvre F, Smith MD, Wolff MJ, Montmessin F, Murchie SL, Nair 
H (2013). "First detection of Mars atmospheric hydroxyl: CRISM Near-IR measurement versus LMD GCM 
simulation of OH Meinel band emission in the Mars polar winter atmosphere". Icarus. 226 (1): 272–281. 
Bibcode:2013Icar..226..272T. doi:10.1016/j.icarus.2013.05.035 

40. Kanno, Taro; Nakamura, Keisuke; Ikai, Hiroyo; Kikuchi, Katsushi; Sasaki, Keiichi; Niwano, Yoshimi (July 
2012). "Literature review of the role of hydroxyl radicals in chemically-induced mutagenicity and 
carcinogenicity for the risk assessment of a disinfection system utilizing photolysis of hydrogen peroxide". 
Journal of Clinical Biochemistry and Nutrition. 51 (1): 9–14. doi:10.3164/jcbn.11-105. ISSN 0912-0009. PMC 
3391867. PMID 22798706 

41. Piccioni, G.; Drossart, P.; Zasova, L.; Migliorini, A.; Gérard, J.-C.; Mills, F. P.; Shakun, A.; García Muñoz, A.; 
Ignatiev, N.; Grassi, D.; Cottini, V.; Taylor, F. W.; Erard, S. (2008-04-01). "First detection of hydroxyl in the 
atmosphere of Venus". Astronomy & Astrophysics. 483 (3). EDP Sciences: L29–L33. doi:10.1051/0004-
6361:200809761. hdl:1885/35639. ISSN 0004-6361 

42. Lee, D; Cuendet, M; Vigo, JS; et al. (2001). "A novel cyclooxygenase-inhibitory stilbenolignan from the seeds 
of Aiphanes aculeata". Organic Letters. 3 (14): 2169–71. doi:10.1021/ol015985j. PMID 11440571 

43. López-Lázaro M. (2009). "Distribution and biological activities of the flavonoid luteolin". Mini Rev Med 
Chem. 9 (1): 31–59. doi:10.2174/138955709787001712. PMID 19149659 

44. Kayoko Shimoi; Hisae Okada; Michiyo Furugori; et al. (1998). "Intestinal absorption of luteolin and luteolin 
7-O-[beta]-glucoside in rats and humans". FEBS Letters. 438 (3): 220–24. doi:10.1016/S0014-5793(98)01304-
0. PMID 9827549. S2CID 10640654 

45. A. Ulubelen; M. Miski; P. Neuman; T. J. Mabry (1979). "Flavonoids of Salvia tomentosa (Labiatae)". Journal 
of Natural Products. 42 (4): 261–63. doi:10.1021/np50003a002. 

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those 
of the individual author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) 
disclaim responsibility for any injury to people or property resulting from any ideas, methods, instructions or 
products referred to in the content. 

Preprints.org (www.preprints.org)  |  NOT PEER-REVIEWED  |  Posted: 14 August 2024                   doi:10.20944/preprints202408.0987.v1

https://doi.org/10.20944/preprints202408.0987.v1

	1. Introduction
	2. Materials and Methods
	Essential Oil Mixture Preparation

	Molecular Docking
	3. Results
	4. Discussion
	5. Conclusions
	6. Future Perspectives
	References

