Supplementary tables:

	Table 1: Studies involving VR based training in cardiac surgery categorized by the anatomical scope  


	
	Non-tissue based
	Tissue based
	

	Coronaries (7)
	Yasuda[1]
Duffy[2]
Joyce[3]

	Sharma[4]
Brandao[5]
Feins[6]
 Nesbitt[7]

	

	Aortic valve (1)
	Russo[8]
	
	

	Mitral valve (8)
	Sardari[9]
Sardari[10]
Jebran[11]

Premyodhin[12]
Valdis 40 (dry vs. wet)[13] 
Valdis 20 (no comparison)[14]

	Joyce[15]
Tavlasoglu[16]

	

	Perfusion and cardiopulmonary bypass (5)
	Hicks[17]
Fouilloux [18]
	Hermsen[19]
Luo[20]
Kenny[21]
	

	Others (3)
	Hermsen (Septal myomectomy)[22]
	Spooner (Cardiac transplantation)[23]
Zhang (LVAD)[24]
	

	Transesophageal echocardiography (2)
	Arango [25] 
Smelt[26]

	

	Cardiac catheter training (2)
	Bettati et al, Brown et al [27, 28]
	












	Table 2:
Studies involving immersive VR in pediatric cardiac surgery categorized by the type of treated lesion. 

	VSD surgical closure (2)
	Ong et al (CT)[29]
Mendez (CMR)[30]


	VSD hybrid closure (1)
	Ghosh (CMR)[31]

	Truncus (1)
	Ong  et al (CT)[29]

	MAPCAs (1)
	Van de Woestijne (CT)[32]

	DORV (1)
	Ayerbe (CMR)[33]

	Atrioventricular valves (1) 
	Pushparajah K (3D Echocardiography)[34]
Nanchahal (SR)


	Left Ventricular assist device (1)
	Ramaswamy,(CT)[35]

	Intralobar sequestration 
Extralobar sequestration 
Bronchogenic cysts (1)
	Pelizzo (CT)[36]

	Coronary revascularization in Kawasaki patient (1)
	Sadeghi (CT)[37]






	Table 3: Studies involving use of AI in cardiac care classified by scope of interest

	Overall (15)
	
Decision making: (1)
Muzio[38]
Preoperative and intraoperative risk factors: 3
Bodenhofer[39]
Fernandes[40]
Li[41]
Mortality: 5
Allyn [42]
Park[43]
Chang[44]
Fan [45]
Molina[46]
Postcardiac events 6
Karri[47]
Kim[48]
Aranda [49]
He [50]
Xue[51]
Luo[52]

	Coronary (3) 
	Zea-Vera[53]
Gao [54]
Hu[55]

	Heart Transplantation (7)
	Kampaktsis[56]
Li[57]
Ayers[58]
Kampaktskis [59]
Shou[60]
Zhou[61]
Agasthi[62]

	Transcatheter aortic valve replacement (7) 
	Hernandez-Suarez[63]
Agasthi[64]
Evertz[65]
Hasimbegovic[66]
Thalappillil[67]
Truong[68]
Kilic [69]


	Mitral valve (1)
	Jiang [70]
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